Conjugate duality for multiobjective composed
optimization problems
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Abstract. Given a multiobjective optimization problem with the components
of the objective function as well as the constraint functions being composed convex
functions, we introduce, by using the Fenchel-Moreau conjugate of the functions in-
volved, a suitable dual problem to it. Under a standard constraint qualification and
some convexity as well as monotonicity conditions we prove the existence of strong
duality. Finally, some particular cases of this problem are presented.
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1 Introduction

In the last decades convex composed programming (CCP) has received considerable
attention since it offers a unified framework for treating different types of optimization
problems. By (CCP) we mean a class of optimization problems in which the objective
function as well as the constraint functions are composed convex functions. Among
the large number of papers dealing with composed optimization problems in both,
finite and infinite dimensional spaces, we mention [1], [4], [8], [9], [10], [11], [12], [13],
[14], [15], [21], [22] and [23].
In this paper we consider a multiobjective composed problem of the form

(P) vamin f(F(x),

A= {z € X : g(G(x)) Zas 0},
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where X is a nonempty subset of R*, F' = (F}, ..., F,)T : X = R™, G = (Gy,...,G))T :
X =R f=(fi,..f)T :R™ - R*and g = (g1,...,9%)7 : R — R¥ are vector-
valued functions. The problem (P) has a quite general formulation and provides a
unified framework for studying different multiobjective optimization problems which
can be obtained as a special case of it.

Our purpose is to construct a multiobjective dual for the problem above. First,
we associate to it a scalar problem for which we completely study the duality. We
formulate the weak and strong duality theorems and give some optimality conditions
regarding to this scalarized problem. The approach we adopt here is based on the
conjugate duality approach, described in detail for instance in [6]. The optimality
conditions which we derive in the scalar case allow to construct a multiobjective
dual problem to the primal one. We prove weak and strong duality also for the
multiobjective primal-dual pair. Once the general problem has been treated, some
special cases of it are considered.

The main tool we use here to deal with the composed functions is the formula
of the Fenchel-Moreau conjugate function of the composition of an increasing convex
function with a convex function (see [5] and [24]).

This paper is organized as follows. In Section 2 we recall some notations and
definitions and give some preliminary results. Section 3 is devoted to the study of the
scalarized problem associated to problem (P). We introduce a dual problem to it in
terms of the Fenchel-Moreau conjugate of the objective function and the constraint
functions, respectively, and prove weak and strong duality statements. Necessary
and sufficient optimality conditions linked to this scalarized problem are given. In
Section 4 we deal with the multiobjective optimization problem. We introduce a mul-
tiobjective dual to it and prove weak and strong duality theorems. The last section
contains some special cases of the original problem such as the classical multiobjec-
tive optimization problem with geometric and inequality constraints, as well as, the
multiobjective composed optimization problem only with geometric constraints.

2 Notations and preliminary results

p
We denote by 7y = Y~ x;y; the inner product of the vectors z = (x4, ...,z,)7, y =
i=1
(y1,-.,yp)" € R? and by RE the non-negative orthant of RP. For z, y € RP, the
inequality « < y means that y — xz € R%, which is equivalent to z; < y;, for all
RL
i = 1,..,p. Let X be a nonempty subset of RP. We denote by ri(X) the rel-

ative interior of the set X. Considering a function f : R? — R, we denote by
dom(f) = {x € R : f(z) < 400} its effective domain. We say that f is proper if
dom(f) # 0 and f(x) > —oo for all z € RP.

Definition 2.1 Let X be a nonempty subset of R”. The function dx : R* — R



defined by
0, if v € X,
+00, otherwise,

Sx(z) = {

is called the indicator function of the set X.

Definition 2.2 When X is a nonempty subset of R” and f : X — R, we denote
by f% the so-called conjugate relative to the set X,

fx :R* =R, fx(a*) = Sg}g{ﬂf*% — f(@)}.

By taking X = R"” one obtain the classical Fenchel-Moreau conjugate of f.

Definition 2.3 The function f : R™ — R is called componentwise increasing, if
for v = (21, ..., xm)?, y= (Y1, s Ym)?T € R™ where x; < y;, i = 1,...,m, follows that

f(x) < fy).

Proposition 2.1 If f : R™ — R is a componentwise increasing function, then
f*(q) = oo for all ¢ € R™\ R

Proof. Let ¢ € R™\ R?. Then there exists at least one ¢ € {1,...,m} such that
q; < 0. But

(@)= suwp {¢"d—f(d)} > sup  {d"d- f(d)}

deR™ d=(0,...,d;,...,00T
d; ER
= sup {qidi — f(0,...,d;, ...,O)} > sup {qidi — f(0, ..., d,, 0)}
d;€R d;<0
> sup {qid@-} — f(0,...,0) = +o0.
d;<0
Thus f*(¢) = +o00 Vg € R™ \ R O

The following classical result plays an important role in this paper.

Theorem 2.1 (cf. Theorem 16.4 in [16]) Let fi, ..., fn : R™ — R be proper, convex
functions. If the sets ri(dom(f;)), i = 1,...,n, have a point in common, then

(Zfz) (p) :inf{Zfi*(pi) 321%':27}7
i=1 i=1 i=1
where for each p € R™ the infimum is attained.

In what follows let X be a nonempty convex subset of R, g : X — R* a vector
function with convex components and (CQ,) the constraint qualification ([7], [16])

gl(x/) S 07 (S La:

(CQ.) '€ ”<X):{gi<x'><o, i N,
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where
gi; + X — R is the restriction to X }

of an affine function g; : R® — R

Ly = {z e{1,...k}

and
N, :={1,..,k}\ Lq.

Consider the optimization problem

(Fa)  inf f(x),

€A,

A=z X :gx)20,,
RE

and its well-known Lagrange dual

(D,) sup inf {f + tTg($)} ,

teRk zeX
where f: X — Rand g: X — R
The next theorem states the Lagrange duality for the problems (P,) and (D,).

Theorem 2.2 (cf. [16]) Assume that X is a nonempty convex subset of R™ and
f : X — R and the components ¢;, i = 1,....k, of g : X — R* are convex func-
tions. If v(P,) > —oo and the constraint qualification (C'Q,) is fulfilled, then it holds
v(P,) = v(D,) and the dual problem (D,) has an optimal solution.

Remark 2.1 We denote by v(P) the optimal objective value of the optimization
problem (P).

Considering the multiobjective problem (P) we assume that X C R" is a convex
set, F;, i =1,...,m, G;, j = 1,...,, are convex functions on X and f;, i = 1,..., s,
and g;, j = 1,...,k, are convex and componentwise increasing functions on R™ and
R!, respectively.

For the multiobjective optimization problem (P) different notions of solution are
known. Let us recall the definition of the efficient and properly efficient solutions.

id to be efficient (or Pareto efficient) with

Definition 2.4 An element T € A is sa
) = f(F(2)) for x € A follows that f(F(x)) = f(F(Z)).

respect to (P) if from f(F(x)

Definition 2.5 An element Z

€
<f
RS,
S
(P) if there exists A = (Ag,..., A

A is said to be properly efficient with respect to
T ent(Ry) (ie. A\; >0, i =1,..,s), such that

)
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AT F(F(z)) < \Tf(F(x)) for all 7 € A.

Remark 2.2 It is straightforward to realize that a properly efficient solution turns
out to be efficient, too.

3 Duality for the scalarized problem

Inspired by Definition 2.5 we consider the following scalarized problem (Py) to (P)

e T
(Py) - inf AT f(F(2)),
where A = (A1, ..., As)T is a fixed vector in int(RY.).

By using the perturbation theory developed by Ekeland and Temam (cf. [6]),
Wanka, Bot and Vargyas had introduced in [21] the following dual problem to the
scalar problem (P,)

(D») sup {—=(\TH)"(@) = (t"9) (d)— (" F)y (0) = ("G (-p)} -

peER™, qeR™,
q'€R! teRE

Remark 3.1 When A € RS, f = (f1,...fs)7 : R™ — R* and f;, @ = 1,...,5,
are componentwise increasing functions it follows that AT f : R™ — R is also a
componentwise increasing function.

By Remark 3.1 and Proposition 2.1 one can take in (D)), ¢ € R7 and so the dual
problem becomes

(D) swp {-\"H @)= {t"9) (d) = ("F)y (0) = ("G (-p)} -
Z/GRl_;?tGRE
Because of Theorem 2.1 we have
q) = (Z/\ifi) (9) :inf{z Aifi)" ZTI_C]} (1)
i=1 =1 =1

and the infimum is attained for all ¢ € R™. According to Proposition 2.1, r¢, i =
1,...,s, must belong to R} and the dual (D)) looks like

(Dy)  sup {— > if) () = (t79) (@) — (¢"F)  (p) - (q’TG)}(—p)},
(pra,q',m t)EY i—1
with
Y)\ = {(pv q, qlara t) -p € Rn’ q € RTa q/ € Rl-t,-v r= (rlv "'7rs)7

S
rreRT, i=1,..,s, erl =q,t GRi}.
1=



Since \; > 0, it follows that
*x( 1 * Ti
()\zfz) (7” ) = A\if; ()\—> ) (2)

forall: =1, ..., s. Redenoting T\—L by r?, i =1, ..., s, we obtain the following formulation
for the dual

(Dy)  sup {—Z&f{"(ri)—(tTg)*(Q’)—(qTF)}(p)—(q’TG)}(—p)}7 (3)

(p7 q, q/7r7 t)eYX i—1

V={. a0 d.rt): pER, GERT, ¢ Ry, 1 =(r1,.07%),
rreR? i=1,..,s > \r'=gq,te Rﬁ}
i=1
The next theorem states the existence of weak duality between (Py) and (D)).

Theorem 3.1 (weak duality for (Py)) We have v(D,) < v(Py).

Proof. Let (p,q,¢,r,t) € Y\ be an arbitrary element. By the Young-Fenchel in-
equality it holds

— [y < —()TF(x) + fi(F(x)), Yz € R™, Vi=1,....5,
—({t"9)"(¢) < —qd"G(x)+"g(G(x)), Vv € R",
—(d"F) () < —pTa+q"F(z), Yz € X,
- <Q’TG>* (—p) < plaz+q¢ G(zx),vz e X.

Multiplying each of the first inequality by A\; > 0, ¢ = 1, ...s, respectively, and adding
their sum for : = 1, ..., s, to the others ones, it follows that

—ZAifl-*(r")—(tTg)*(Q’)—(qTF)}(p)—( ¢"G) ZMZ ) +t"g(G(x)),

for all z € X. Because (p, q,¢’,7,t) € Yy, we have tL ¢g(G(z)) < 0 for all x € A, which
together with the inequality from above imply that

- Z Xf7 ()=t 9) (d)—(¢"F) o (0)— (¢ G)  (=p) < Z Nifi(F(z)) = N f(F(x)),

for all z € A . Taking on the left side of this inequality the supremum over (p, q, ¢, 7, t)
€ Y, and on the right one the infimum over x € A, it follows that v(D,) < v(Py). O



Further we study the existence of strong duality between (Py) and (D)), namely
the situation when the optimal objective values are equal and the dual has an optimal
solution. In order to do this, we introduce a constraint qualification that guarantees
the validity of strong duality, but first, let us divide the index set {1, ..., k} into two
subsets,

gio G : X — R is the restriction to X of an }

L:= {iE {1,...,k} —

affine function ¢g; 0 G : R® — R

and N := {1,...,k} \ L. The constraint qualification follows (cf. [7], [16])

, . ‘ (G(2") <0, i€L,
(CQ) J2'e ri(X): { i(G(:v’)) 20 ieN

Theorem 3.2 (strong duality for (P,)) Assume that the constraint qualification
(CQ) is fulfilled. Then it holds

U(P)\) = U(D)\).
Moreover, provided v(Py) > —oo, the dual problem has an optimal solution.

Proof. If v(P,) = —oo, by Theorem 3.1 it follows that v(D,) = —oc.
Assume that v(Py) > —oo. Because the constraint qualification (C'Q) is fulfilled,
by Theorem 2.2 there exists an element ¢ € R} such that (cf. Lagrange duality)

v(Py) = inf QAT f(F(x) +#9(G(2))},

where v(P)) denotes the optimal objective value of the problem (P,). Further we
attach to R™ a greatest element with respect to "=gn” denoted oogm and let (R™)* =
R™U{oo}. Then for any z € (R™)* one has z Sgm oogm and we consider the following
operations on (R™)®, z + cogm = 0Ogm + & = 00gm and toogm = ocogm VYt > 0. The
same will be done for RY. We can define now the functions

. TN mye 19 _ F(I)’ ifoX,
F:R" — (R ) ) F(x) _{ oogrm, Otherwise,

and G(x), if X
5wy & B r), I xeX,
G:R (R)*, G(x) = { oogi, otherwise.

We also make the conventions that for all ¢ = 1,...;s, fi(cogrm) = +00 and for all
j=1,....k, gj(oor) = +o00.
Thus the optimal objective value of the primal can be written as

o(P) = inf {XF(F(@) +9(Glx))} (4)

rER™
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where AT fo F and tTgo G are functions with values in the extended real-valued space
with dom(AT f o F) = dom(t"g o G) = X. Since this is nonempty convex set, by
Theorem 2.1, there exists p € R™ such that the infimum in relation (4) is equal to

o(P) = ~(\"foF +1g0G)"(0) = max{—(\"f o F)"(p) = ({'g 0 G)*(~p)}

pER™

= —(\'foF)'(p) = ("9 0 G)*(~p)- (5)
Further, by Proposition 4.11 in [5] (see also [24]), there exist some § € RT and ¢ € R,
such that

(A f o F)*(p) = min{(\"f)"(q) + (" F)"(0)} = W f)"(@) + (@ F)* () (6)

and
(g0 Gy (=p) = min {(I'9)" (@) + (4" C) (-0)} = ("0)" @)+ (7€) (D)
(7)

The relations (4), (5), (6) and (7), imply actually the existence of the vectors
teRE, peR", g€ R and ¢ € R, such that

v(P) =~ @) — (T9) (@) = (@ F)y (0) = (77G)  (-p).
Applying again Theorem 2.1 one can find some 7 € R, i = 1, ...s, such that

S S

()‘Tf)* (q) = Z()\zfz)*(fl) and Zfi =q.
i=1 i=1
Since A; > 0, we have

(&ﬁYOﬂZAJ?<§>,

for all =1, ..., s. Redenoting i—l by 7,4 = 1,...,s, we obtain the tuple (p,q,¢,7,1),
which is an optimal solution to the dual problem (D,), fulfilling

v(Py) = — Z Nfr(7) = (79) (@) — (@7 F) (0) — (77G) (—p) = v(Dy),

which actually means that strong duality between (Py) and (D)) holds. O

To investigate later the multiobjective duality for (P) we need the optimality con-
ditions regarding to the scalar problem (P,) and its dual (D,). These are formulated
in the following theorem.



Theorem 3.3 (a) Let the assumptions of Theorem 3.2 be fulfilled and let Z be
an optimal solution to (Py). Then there exists a tuple (p, q, 7, 7, t) € Y, optimal
solution to (D)), such that the following optimality conditions are satisfied

(2) FF@) + f7(7) = (MTF(@@), i=1,..,s,
(@)  §F@)+(@F)y @) = 9z,
(i) g(G(x) + (I9) (@) = 7"G(),
(iv) Q’TG(CEH(/TG) (-p) = (-p)7z,
(v) t'9(G(z)) = 0.

(b) Let T be admissible to (Py) and (p, 4, ¢, 7, t) be admissible to (D)), satisfying
(1) — (v). Then Z is an optimal solution to (Py), (p, ¢, ¢, T, t) is an optimal solution
to (D,) and strong duality holds.

Proof. By Theorem 3.2 there exists a tuple (p, q, ¢, 7, t) € Y, optimal solution
to (D)), such that

N F(F(7)) = v(Py) = v(Dy) ——ZAf ()= (T9) (@)~ (7" F) (0)— (77 C) y (—p).
8)

Equality (8) is equivalent to
{NPE@) + XN F )~ T F@ f+{T9(C@) + (0) @) - 776@) f+ {aF (@)

(@ F) 0 =2 pH{d7G(@) + (77 C) (=)~ (=p) "7 [+{ ~TT9(G(@) } = 0. (9

Because (p, q, ¢, 7, t) € Yy, we have > \;7" = ¢, and so
i=1

NF(P(2)) + ZA [i(™) —q"F(@) = ZA {fi(F@) + f7(7) - () F(2)}.

According to the Young-Fenchel inequality the following inequalities hold

f(F@) + fr(7) = (#F)TF@E) > 0, i=1,..,s,
t1g(G(2)) + (t19)" (7) — 77G(z) > 0,

¢F@)+ (I"F)y () —p'z > 0,
7TG(@) + (77G) (=p) — (—=p)"z = 0

Because ¢ € R% and = € A there is =7 g(G (7)) > 0, and so, equation (9) together
with the inequalities from above imply the relations (i) — (v).



(b) By (i) — (v), we making the above calculations in the opposite direction that

v(Dy) > - Z Aifr(7) = (79) (@) — (" F) (0) — (77G)  (—p)
= N [(F(z)) > v(Py),

which together with Theorem 3.1 ensures the strong duality for (Py) and (D,). O

4 The multiobjective dual problem

By using the duality developed above in the scalar case, we can formulate now a

multiobjective dual (D) to the original problem (P) which will be actually a vector

maximum problem. We define the Pareto optimal solutions to (D) in the sense of

maximum and prove weak and strong duality theorems between (P) and its dual.
The dual multiobjective optimization problem (D) is introduced by

D v-max  h(p,q,q,r t,\u),
(D) o lmax (r, 4, q )
with
hl (p7 q, q/a r, t, >\; U)
h(p,q,q/,r,t,)\,u) = .

Y

hs(p,q,q',r,t, A\, u)

oo, dort, X w) == £ —— ((79) @)+ (6F) o)+ (a7C) ) s

S)\i

for 1 =1, ...s, the dual variables

=1 ) ER" ¢ = (q1,....q0m)  €R™, ¢ = (¢}, ...,ql')TeRl,r =(r',...,r)

ER™ X ... x R™ t = (t1, ... ts)TERF A = (A, ..., A)T ER® u = (uy, ..., us) T €RE,
and the set of constraints
B = {(p,q,q’,r,t,)\,u) : geRT, ¢ eR M eRTi=1,..,st€RE,
e int(RS), > Nrt =¢q, Y Nu; = O}.
i=1 i=1

Definition 4.1 An element (p, g, ¢, 7,t, A\, 4) € B is said to be efficient (or Pareto effi-

cient) with respect to the problem (D) if from h(p, ¢, ¢, 7,t, \,u) = h(p,q, 7, T, \, @),
R3

for (p,q,q',r,t,\,u) € B follows that h(p,q,q',r,t,\,u) = h(p,q,q,T,t, 5\,&).
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The following theorem provides the weak duality between the vector problems (P)
and (D).

Theorem 4.1 There is no z € A and no (p,q,¢,r,t, A\, u) € B fulfilling f(F(z))
= h(p,q, ¢t A u) and f(F(2)) # h(p,q,¢', 1, A w).
R

Proof. Let us assume that there exist x € A and (p,q,¢,r,t, A\, u) € B such that
fi(F(2)) < hi(p,q. ¢, t, A\ u) for all i = 1,....;s, and f;(F(z)) < hj(p,q,¢ 7, t, A\ u)
for at least one j € {1,...,s}. This implies

ZAJZ ZML (P, q: 't A w) = A h(p, q,¢',r,t, A\, ).
=1
(10)
But
;)\ihi(paQ7qlar7ta)‘7u) _Z/\f Z: Zsiw( TF) ()+

(q'TG>;<—p>)+§A,~ui——Df*( r)- (( To)(a)+ (" F) )+ (047G p).

and applying then for f;, i = 1,..., s, tT g, ¢' F and ¢’ G the Young-Fenchel inequality

e have ) S HE@) - R, Visl s
~(1"9)"(¢) < 17g(G <m>>— ’TGU
—(¢"F)x(p) < ¢"Flz) -
~(¢"G)x(-p) < q’TG<x>+p T

Because of Z Nt =gq,t € RE and x € A, we obtain

=1

> Nihi(pogq it A ) < Zm ZA z) + ' g(G(x))
=1

- 'TG( )+ ¢ F(z )—p to+qd"G) +p'e

= ZA fiF(2)) + 7 g(G(x))
Z)\ifi(F 7))

But, the inequality Z Xihi(p,q, ¢\t A u) < Z Ai fi(F(z)) contradicts relation (10).
Thus the weak duahty between (P) and (D) holds O

IN
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Theorem 4.2 gives us the strong duality between the multiobjective problems (P)
and (D).

Theorem 4.2 Assume that the constraint qualification (C'Q) is fulfilled and
let = be a properly efficient element to (P). Then there exists, an efficient so-
lution (]5, 04,71, M\, 1) € B to the dual (D) such that strong duality f(F(z)) =
h(p,q,q,7,t,\, u) holds.

Proof. Let Z be a properly efficient element to (P). By Definition 2.5, it follows that
there exists a vector A = (A1, ..., \s)T € int(R%) such that Z solves the scalar problem

(Py)  inf X f(F(2)).

zeA

Since the constraint qualification (C'Q) is fulfilled, by Theorem 3.3, there exists an
optimal solution (P, ¢, ', 7,t) to the dual problem (Ds) such that the optimality con-
ditions (i) — (v) are satisfied.

By using the elements z and (p,q, ¢, 7. t) we can construct now an efficient so-
lution (p,q,q,7,t, A\, @) to (D). In order to do this let A = (A,...,A\,)” be the
vector given by the proper efficiency of T, p = (p1,...,0n)7 = (ﬁl,...,ﬁn)T = .
7= (G, )" = @) =0 7 = @-q)" = (@, q)" =7, T

(7., 7) = (7, ..,7) =T and t = (f,....t)" = (t1,...t,)" = t. It remains to

3

Y

define the vector @ = (@, ....,us)?. Fori=1,...,s, let be
1 * * * ;
%=y ((#9) @)+ @ F)y (B + @76y (=p) + () F(@).

For (p,q,q,7,t, A\, @) one has § € R?, ¢ eR, P eRY, i=1,.,s t Rk,

Z Nt :Z )\ZSL)\Z((ETQ)* (7)) + (QTF); (p) + ( ’TG )—}—Z il
= (I"9)" (@) + (a"F) (1) + (77C) +Z A

As Y M\t = @, from the optimality conditions derived in Theorem 3.3 we obtain
i=1

Z N =7"G(@) —t"g(G@) +p' -7 F(@)+ (-p)'z - 7"G(x) + ¢ F(z) =0,

which actually means that the element (p, g, 7,7, t, A, @) is feasible to (D).

12



~/

Finally, we show that f(F(z)) = h(p,q,q,7,t, A\, @). By Theorem 3.3, we have for
alli =1, ..., s,
= T\ ~ * (=i 1 *r o~ * o —/ * — —
hi(p, @, @ 7,1, A\ a) =—fi (") = SX((ng) (@)+(7"F) () +(q TG)X(—p)> +i; =
1A 1 * ~T * o= 1T o
fi () Sx<(t 9) @)+ (@ F), )+ (7"G) ( p))+

—fi () + () F(2) = fi(F(z)).

!/

The maximality of (p,q, ¢ ,7,t, A\, ) is given by Theorem 4.1. O

5 Special cases

5.1 The classical multiobjective optimization problem with
geometric and inequality constraints

The last section of this paper is devoted to some special cases of the primal prob-
lem (P). First, we consider the classical multiobjective optimization problem with
inequality constraints

(P") inf F(x),

ze A

where

A’:{xeX:G(m)§O},
RE

X CR"is a convex subset, F' = (F},.... F,)T : X - R*, G = (Gy,...,Gp)T : X — Rk
and F;, i =1,...,s, and G;, j =1, ..., k, are convex functions.

One may observe that (P’) is a special case of the original problem (P). Taking
the functions f = (fi,..., f)7 : R® — R®* and g = (g1, ..., gx)T : R¥ — R* such that
fily) =y; forally e R® and i = 1,...,s, and g;(z) = z; for all z € R¥ and j = 1, ..., k,
we actually obtain the multiobjective problem (P’). Defining f;, i = 1,..., s, and
gi, j = 1,..,k, in this way, the functions f = (f1,..., fs)T and g = (g1, ..., gx)" are
obviously convex and componentwise increasing.

Applying the results in the previous sections, one can determine a multiobjective
dual to (P’). Let us also mention that the scalarized problem becomes

(P) inf NTF(x),

ze A

13



where A = (A1, ..., As)T is a fixed vector in int(R%), and its dual looks like (cf. (3))

(pqqrt

(D'y)  su { ZA frr) = (tT9) (d) — (¢"F) ( (p) — (q’TG)}(—p)},
with

Vi={.0.d.r.0): peR qeRy, ¢ €BE r= (! ),

rreRy,i=1,.,s Y Nr'=gq, t€ R’i}

=1

Taking into consideration the definitions of the functions f;, ¢ =1,...;s, and g;, j =
1,..., k, respectively, we have for all : = 1, ..., s,

. i 0 ifri=1landri=0,j=1,...,5 j#1
; 7 — ) 3 Vi ) ) ) ) Y
1 () { 400, otherwise, (11)

(t"9) (d) :{ 0. ifd=t, (12)

400, otherwise,

and

(¢"F)" ((Zm) ) — (\TF)" (). (13)
Thus (D)) becomes

(DY) sup {=(\"F) () — (t"G) (-p)}. (14)

pER™, teRk

Let us notice that (D)) is nothing but the so-called Fenchel-Lagrange dual prob-
lem which has proved to be useful in studying the duality in vector optimization (cf.
[17], [18)).

The constraint qualification which will guarantee the existence of strong duality
becomes

/ , o | Gi(x) <0, i€elL,
(CQ") 32 e TZ(X).{ Gi(x') < 0. i€ N,

where

L=lieq k‘}’ G; : X — R is the restriction to X of an
" T affine function G; : R® — R

and N :={1,...k}\ L.
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The vector dual problem of (P’) can be equivalently written as

(D) v-max_h'(p,t, \, u),

(p,t, A\ u)eB’
with
hy(p,t, A\, u)
hl(p? t? )\7 u) == E )
R.(p,t, A, u)

1
Ri(p, t, \, u) = —

5y ( (N'F), () + (t7G) (—p)) Vg, i=1,..5,

the dual variables
p=(p1,.,pn)t ER™ t=(ts,....t:)" €R*, A= (A,..., )" € R,

u = (uy,...,us)" € R?,

and the set of constraints
B — {(p,t, Au) it e RED X €int(RS), Z)‘iui = ()} _
i=1

For an overview of multiobjective dual problems for (P’) see the papers [2] and

[3].
The next two theorems yield the weak and strong duality for the multiobjective
problems (P’) and (D’) and can be derived from the Theorem 4.1 and Theorem 4.2.

Theorem 5.1 There is no z € A" and no (p, t, A\, u) € B fulfilling F(x) < h'(p,t, A\, u)

RY

and F'(x) # h'(p,t, A\, u).

Theorem 5.2 Assume that the constraints qualification (C'Q’) is fulfilled and let
T be a properly efficient element to (P’). Then there exists an efficient solution
(p,t, A\, u) € B’ to the dual (D) and the strong duality F(Z) = h(p,t, A, @) holds.

5.2 The multiobjective composed optimization problem with
geometric constraints

In this subsection we consider the multiobjective optimization problem only with
geometric constraints

(P")  v-min f(F(z)),

zeX
where X C R F = (F,...,F,)T : X - R™ and f = (f1,.... f)T : R™ — R°.
Assume that Fj, i = 1,...,m, are convex and f;, j =1,...,s, are convex and compo-
nentwise increasing functions.

15



Problem (P”) was already treated by the authors in [19], the purpose hereby is
to show how the results obtained in [19] can be obtained, as special case, from the
general results formulated in sections 3 and 4 of this paper. To this end, let us notice
that problem (P”) can be obtained from (P), by taking the functions g;(y) = 0, for
alli =1,...,k, and y € R". Analogously to the previous sections first we give the dual
of the scalar primal problem associated to (P")

(B)  inf XT(F(2)),

where A = (A1, ..., As)T € int(R%) is a fixed vector. By (3), the dual of (PY) is

(DY) sup {— S ONS) = (t"9)(d) = (¢"F) () — (Q’TG)}(—p)},
(g, ¢ r 1)€Y i=1
with
Vi ={(p g q\r, 1) i pERY, g ERY, ¢ €RY, r = (1., 1%),

S
reRT i=1,..,s, > Nr'=gq, te Ri}
i=1

Since in this case

(t79)" (¢) = (0)" (¢/) = sup {y"¢'} = {

yeR!

0, if ¢ =0,

400, otherwise,

and therefore

(7C)x (=p) = Oxlp) = = In T = 05,

the dual problem becomes

(DY) sup {— Z Aifi(r') = ("F)y (p) — 5}(—19)} -

pER™ qERT 1 €RT,
S

=1,..., S»Z AZTZ:q
i=1

Let us mention that this dual has been inroduced by Bot and Wanka in [1].

The multiobjective dual to (P”) is then

D" v-max  R"(p,q,r, \,u),
(D") promax (p,q )
with
hi(p,q,7, A\, u)
h'(p,q,r A u) = :

Y

RI(p,q,7, A, u)
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1

n! \ou) = —F(r) —
F(pa,m A u) = —f1(r") "y

()3 )+ 05 (=p) + e, i =1, s,

the dual variables

b= (pla "'7pn)T € Rn? q = ((Jh "'7qm)T € IRm7 r= <T17 ”'77,8)7 ri € Rm?

i=1,.8 A=A, )T €R’, u= (uy,...,u,)" € R?,

and the set of constraints

B” - {<p7Q77', )\7U) NS RT? ri € RT? 1= 17 ey S, NS Zﬂt(Ri),

i=1 i=1

The next two theorems provide the weak and strong duality for the multiobjective

problems (P”) and (D”) and can be derived from Theorem 4.1 and Theorem 4.2.

Theorem 5.3 There is no z € X and no (p,q,r, \,u) € B” fulfilling f(F(z))

ZIA

W' (p,q,r, A w) and f(F(x)) # B (p, ¢, A, u).

Theorem 5.4 Let Z be a properly efficient element to (P”). Then there exists
an efficient solution (p,q,7,\,u) € B” to the dual (D”) and the strong duality
f(F(z)) =h"(p,q,7, A\, u) holds.
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